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- 35f&ES#E: NR-cNTF (TKDE 2019)
« Original-Destination #@E: N*N*T o/ TTiffm/

Projection

— = :I ° L s = C ;;hc.!x.l‘\'
* = ,ZE*E?& . R — C :’{u 0 xff D }{!‘ T + 81 & 7= P :gﬂ% Din;tmic
~ o % pattern tensor
(=™

(] * X R € RMxMxN
R . O D RQ;E Destination
° C : *ﬁft*?([t’\ ODT data tensor Projection

D c R.Hx.l’
. = ANUERF JLE, (a) Non-negative Tensor Factorization
¢ OI DI T° it éﬁ);ﬁgj:Z/?j
07| Origin pDT| Origin
. 1:511’\)\ ,%_—%EBE . Projection Projection
15X . Context
Similarity | A | o 5 o R
W=00" +Eg,, and W=DD' +Ep, Matrix 55l X @l X
S g S &
WER:’UXEU A o = RMK! B D e RMxJ

(b) Contexts Awareness



RIZSENE, W(IREE? @

 piiaEEFE : ST-Norm (KDD 2021)
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- $TEfE#E: ST-Norm (KDD 2021)
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- IERERA M AR#E . C-CNN-LSTM-DA (Applied Soft

Computing 2020)
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Figure 1: The proposed framework for spatial multi-variate time series forecasting problem
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- ITIEIFY AT IERERS: SCNN (Arxiv 2023)
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- [JE AU RERS: SCNN (Arxiv 2023)
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« BRI FFE: STGDL (Arxiv 2023)

""""""""""""""""""""""""""""""""""""""""

- WIRERMAE: SEFHN [ o —

i Graph Structure Graph Signal ff
! (¢=T:t)
. FE o FER, (1 : i
. FiEEt — FHE e Wy ([
. i O ‘{GZ. e
Z?U “Ji I%\;ﬁi i Alg?:“:ic e @ - : Predictioni
, s :l: 2, | Decomplc,nsition ........................... & P Result ¥ |
~ ! . I
. EEE IR TR =l o
. FEZHHRE R e [
¥

Residual Item DLN

* TEIZEERIER Gmi] e
216 HIFBI T SRR - = ;

o 1t
.+ SERHTORETTUTIEN ERISE, = —
%Jflj; )\J-LBEEJ: %Bq: {EE E xtraction Decoder rediction Decoder |

| T . || 5. W L L e S S S S S S S P S - |



 BEE A TR T4t
« ICML 2019: Challenging Common Assumptions in the
Unsupervised Learning of Disentangled Representations
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